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In this paper we study a two-time-scale stochastic discrete time linear time
- varying system. We heuristically find a reduced order approximation to its
asymptotic behavior as the time scale separation tends to infinity. This approxi-
mation results in a white noise representation of the fast state vector, and a
corresponding approximation error in the slow state vector. After introducing the
approximate system we define concepts of continuity and rate of variation, which
are needed in the discrete time analysis. We then prove, that as the time scale
separation increases, the state of the reduced order system asymptotically coin-
cides with the slow state of the original system in the mean square sense on com-
pact time intervals. We also find the order of, the slow state approximation error
covariance.

1. Introduction

Singularly perturbed systems have been studied extensively in the engineering litterature
during the last fifteen years. Much or all of the motivation for this recent activity seems to have
come from the need to deal with systems evolving at two or more time scales. Such systems are
e.g. of interest in estimation and control problems.

(1) Dynamics of observers used in estimation are typically designed to be much faster than the
process dynamics. In practice one hopes that the time scale separation between the dynam-
ics of the observer and those of the rest of the system is so good, that the situation is almost
the same as in the ideal case, where the observer dynamics is neglected.

(2) In control systems the actuators providing the control inputs are usually designed to give
quick or instant respomse, resulting in a similar multiple time scale system with a
corresponding order reducing approximation.

This approximation is exactly one which can be made in the analysis of a singularly peturbed sys-
tem, suggesting that this class of systems has to be analysed and understood, in order to
mathematically justify the heuristic approximations, which are desirable in the estimation- and
control- problems such as those mentioned above.

The deterministic continuous time varying control problem has been studied e.g. by Kokoto-
vi¢ and Yackel (1972) [1], who show, that the Riccati equations corresponding to the full and
reduced systems asymptotically agree on compact time intervals, as the singular perturbation
parameter p tends to zerp. A similar result concerning the state and costate trajectories has been
obtained by Kokotovic and Wilde (1973) [2].
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Haddad (1976) [3] has studied the stochastic continuous time varying estimation problem,
and shown that the Kalman filter can be decomposed into slow and fast filters, still giving esti-
mates, which are asymptotically correct on compact time intervals. This problem is essentially
the dual of the deterministic control problem, but differs in a significiant way due to the presence
of a white noise input. )

For discrete time systems, on the other hand, work to describe multiple time scale behavior
and the corresponding order reducing approximations, has been very limited until the last five
years. Given recent advances in micro processor technology, most sophisticated filters and con-
trollers are

implemented with digital computers. Hence the analysis of singularly perturbed discrete time sys-
tems is of just as much importance as its continuous time counterpart. This is the major motiva-
tion for the work presented in this paper. Phillips (1980) [4] has introduced a notion of two-time-
scale discrete time invariant systems, and exhibited a class of systems having this property. Since
then Naidu and Rao (1982) (5] have shown, that the approximations resulting from decomposition
of some of these systems are asymptotically correct. This approach however does not represent
proper time scaling in the sense, that the parameter z can be eliminated from the system equa-
tions by a change of time scale. Instead it focuses on the eigen values of the discrete system.
Fernando and Nicholson (1983) [6] have proposed a model for properly time scaled discrete time
invariant systems with fixed time step, and Kimura (1983) [7] has studied the control problem for
a similar time varying system. These papers consider however only the comparison between the
degenerate full system (z=0) and the reduced system, without giving any conditions under which
their approximations are asymptotically accurate. Although Kokotovic and others have proven,
that these heuristic approaches yield asymptotically correct approximations in continuous time,
this does not seem to be the case in discrete time due to the catastrophic instability, that occurs
when the parameter ;2 tends to zero faster, than the time step does. These instability problems

- have clearly been observed by Blankenship (1981) [8], who let the fast dynamics determine the
stepsize of the discrete system, and show that the optimal control of such systems asymptotically
decomposes into fast and slow components.

In this paper we develop appropriate concepts and techniques, which extend the domain of
singular perturbation analysis to properly time scaled two-time-scale discrete time varying sys-
tems. Furthermore our systems are stochastic in contrast to those in the foregoing papers. As in
[8], we consider a stepsize proportional (for simplicity equal) to the parameter z. This brings up
the fact, that as the fast dynamics of our sampled data system becomes faster, a shorter sampling
time is needed, to capture the stability of the fast subsystem. We furthermore propose 2 heuristi-
cally obvious feduced order approximation, give conditions under which this approximation is
valid, and carry out a careful error analysis, showing that our approximation is asymptotically
correct.

The paper is organized as follws. In section 2 we present the system to be studied along
with a heuristically derived reduced order approximation to the slow part of its dynamics. In sec-
tion 3 we define concepts of continuity, rate of variation and boundedness, and present a few
related propositions. Section 4 and section 5 are devoted to results about the fast and the slow
state tranxition matrix respectively. In section 6 we show that the heuristic approximation intro-
duced in section 2 is asymptotically correct for block triangular systems.

Finally in section 7 we indicate how this result can be extended to the general case by means of a
nonsingular block triangularizing transformation.

Throughout the entire paper we will use the following notation:

D°® = {z€ € : | z]| <1} = open unit disk in €
le] = integer part of the number «
A# = Hermitian transpose of the matrix A



o{A) = spectrum of the matrix A
§ is the forward difference operator

2. System Description
The system we consider is given by:

z,(7) rAL() A1) [2.(5) l‘Bl.u(‘

s 2,(i)| T |Azuli) Az (%) | |24(2) B,,(7) u“(z) (2.1)
where § is the diﬂ'erence operator, i € INg := {0} U N is the time index, y € (0,00) is a small
parameter, z, € c™ 1s the slow state, z, € C " s t.he l‘asl; state, u, € c"isa driving white
noise and Ay, € © B A, € € o] , Apy € €%, A, € €, B, € € " and
B,,e C "1™ are given syscem parameters The vectors z,, z, and u, are assumed to have the
following statistical properties:

u(0)
E{ z“(O)]} =0 VielNy, ¥u>0 (2.2a)
\‘ u,(7) .
- and
[ 1
nz.u nx:.y 0
z,(0) _‘/T‘-
E{[20 | [#0) =0 wfi)]y = |=ns, 2m, o ea)
) 0 o Lo,

V i: j’e l]NO V“>0

where the matrices II; , € ¢ ", m,,,€ ¢ mXn m,, € ¢ "™ and Q,(i) € "™ are
known ¥ i, 7 € Ny and \ p>0.

The interpretation of (2.1) is simple. If we identify t with i, it is just a discrete time ver-
sion of the two-time-scale continuous time system.

(t) () 4] Byl [Ba)]
[5(:)] Lm(t) ALt) L(z)]"‘ [ﬁ'z(z) #(¢) (23)

In fact in our proofs concerning properties of the model (2.1), we will assume the existence of at
least parts of a cqntinuous time approximation of the form (2.3). The continuous time system
parameters will be distiguished from those of the discrete time system by a tilde on top of the
letter as in (2.3) above. The way the descrete time system (2.1) is parameterized by its associated
sample period is just u. We therefore define the time index k,(¢) € Ny for each time ¢ >0 by

ky(t) = \ﬂ (2.4)

In order to simplify notation we also define the matrices:
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D,(i) = I+ pA i) € ¢ (2.5a)
F (i) = I+ Ag, (i) e ¢  (2.5b)

The aim of this paper is to approximate the system (2.1) by a lower order system and show
that when these two systems are subject to the same initial slow state, their slow states are
asymptotically equal on compact time intervals as x]0. Hence we shall be content with results
valid for g small enough, i.e. whenever there exists Z>0 such that the result under consideration

holds V¥ » € (0,7).
If we formally set 4==0 in the continuous time equation (2.3), and solve for z in terms of u,
we obtain the white noise approximation

) = A3 An(té(e) + BAt)a()] - (2.6)
and the approximate reduced order system
Yt) = (A1) - A )AF (A0 E0) + [Bot) - Zil) AT () BAt)] 7(¢) (2.7)

The approximations, that will be considered in this paper, are given by the discrete time versions
of these equations, namely

86u(3) = #[Aruli) - Ar,()A25 (5) A, u(3)] £4(3) (2.82)
+ 2[Bru(i) - Asg,(I)Az} (3)Ba,(i)] u,(3) '
(i) = -A24 (i) [Az,u(i)6u() + Bauli)u,(i)] (2.8b)

3. Basic Deflnitions

In order to be able to describe the behavior of a singularly perturbed discrete time linear
system, as the small parameter u tends to zero, we need concepts similar to continuity, bounded-
ness and Lipschitz continuity. In this section we introduce a few such concepts, and state a few
intuitively rather obvious related facts.

Deflnition 3.1: We say that the map

A (0,00)XINg = C™**" : (p,i) = A (i) (3.1)
is discrete continuous (d.c) on the time set T, if there exists a continuous map
A:T— C™": 1t A(t) (3.2)

called the limit of A such that
Ak, () = A1) (3:3)

uniformly on every compact subset of T. We say that the map is discrete continuous if it is d.c.
on [0,00).

Definition 3.2: For p>0 we say that the matrix valued map A (%) has O(p?) -rate of variation
(r.v.) on the time set T if there exists a constant L, <oo such that

s“e'?. "A“(k,,(t) + 1) - Ak, < Lap, (3.4)

for p small enough. We say that it has O(u*) -rate of variation if it has O(u?)-r.v. on [0,00).
O(p)-r.v. is called bounded rate of variation (b.r.v.).

-
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Definition 3.3: We say that the matrix valued map A “(;) is bounded on T, if there exists a con-
stant M, <oo such that

sup lA, ()] < M, (3.5)

for p small enpugh.

In general, the properties defined above are closed under finite products and inversion. Two
such results are stated in the following propositions, whose simple proofs are omitted.

Proposition 3.4: Let {A;.u(3): 7=1,...,J} be a finite set of matrix valued maps, which are
bounded with O(u’)-r.v.on T, -

s
then JT A; (i) has O(p?)-r.v.
1=l

Pr;f:osltlon 3.5: Assume that: :

(1) The map A: (0,00)X Ny — €"X": (,i) i A, (i) is d.c. with limit A(¢) on T.
(2) AY(t)is nonsingular\/ ¢ € T.

Then

(i) A;'(i) and A-(t) are bounded on every compact subset of T.

i) A ,“(z) is d.c. with limit A~Y(¢) on every compact subset of T.

(iii) If in addition to (1) and (2), A,(i) has O(u’)-r.v. on T, then so does A;!(i) on every com-
pact subset of T.

4. Properties of the Fast State Transition Matrix

One of the crucial reasons, for which the white noise approximation to the fast state, that
was suggested in the introduction, is valid, is that the fast part of the system is stable at each
time, and as g tends to zero, it becomes "infinitely stable”. This stiff behavior kills off the depen-
dence of the fast state on the past. Hence the fast state dynamics becomes almost memoryless,
and since it is driven by a white input, the fast state becomes almost white. In order to find out
how good this heuristic approximation is, we clearly need to characterize the stability of the fast
dynamics in terms of the parameter u. This leads us to the analysis of the state transition matrix
¢ p“( 7,3) associated with the difference equation

z,(i+ 1) = F,(i)z,(i) (4.1)
when F (i) is d.c. with given r.v. and a stable limit (). The state traasition matrix (bp“(j ,3) is
defined in the usual way i.e.

®r (7,8) = Fuli-1)F,(j-2)F i) j2i (4.2)
Roughly speeking, the results of this section assert that in the limit as p |, the matrices
Fi(ky(2)), d>p“(j+ i,5), (I>pp(j+ 1,7)- F(7) and d’p“(j‘f' i,j) - F,(7+ i) can all be bounded on

any compact time interval by exponentially decaying expressions proportional to \*, where ) is
arbitrarily close to, but strictly greater than the largest eigenvalue of F(t). The precise results
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are stated in the following lemmas. For most of the proofs we refer to [9].

Lemma 4.1: Consider the matrices F € C"*® and F(i)€ C***,i=0,...,]. Assume
o(F)C D°and |F(i)-F|| < @ i=0,...,I.

Then there exjst constants M € [1,00) and \ € [0,1) such that

@) ler(,0l < Mp i=0,...,I+1

i) l®r(:,0)- F'l < MB i=0,...,I+1

where .=\ + Ma

(iii) Moreover if /<1, then

M
<M | (4.3)

l#7(i,0) - F*ll <

Lemma 4.2: Let T be compact, and let the map F : (0,00)XINg — C"*": (,i) = F (i) be
d.c. with limit F'(¢) on T. Assume that o(F(¢)) C D° Yt e T.

Then there exist constants M = M(F,T) € [1,00) and X\ = \(F,T) € [0,1) such that |
swpllFy (kN S M) Vil ‘ (4.4)

for 1 small enough.

Lemma 4.3: Let the map F : (0,00)X Ny — ©"*".: (u,i) = F,(i) be d.c. with b.r.v. and limit

~

F(t) on T=([T,,T;]. Assume that o(F(t)) C D° \/ t € T
Then there exist constants M = M (F,T) € [1,00) and & = R(F,T) € [0,1) such that

A -k
b (L) = IF,(-1)-F(0)] < A28 (43)
whenever k,(T,) < k < ! < k,(T,), and p is small enough.

Proof: Since the hypotheses of lemma 4.2 are satisfied, there exist constants
M = M(F,T) € [1,00) and A = \(F,T) € [0,1) such that
E (T
k;nk‘::(xrl)lli’;,(lc)ll SM\N VYieN, (4.6)
for u small enough. Since F (i) has b.r.v. on T, given ¢>0 there exists At=At,>0 such that
E((t+AOA T)-T
wp  max IFu(3) - Fulku(eNl < € (4.7)

for p small enough. Indeed F,(i) having b.r.v. on T means that there exists a constant Lp<oo
such that -

E(t+ADA T

W me HFu(3) - Fu(ku(tD] < Le(kuft+ At) - 1- k,(¢))n (4.8)
< Lr(H'A' -1- ”l+ )u = LpAt
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for p small enough, and hence any At < ~£— will do the trick. Pick At accordingly.

L
It now follows from lemma 4.1 that for z small enough
E(t+ANA Ty it 41 .
. _ ~k[t)
we o mE 15 (i kult)) - FT27 (kN < M8
where
B= X+ Me

By choosing ¢ and At smaller if necessary, we can w.o.l.g. assume that B<1.

Now given At € (0,00), 4 € (0,At) and k,! € {£,(T)), . . ., ku(T2)} such that k<1, let

- le=n
= lT”J

ti=kp+ jAt j=0,...,J
Hy = &g (E()kulty)),  5=0, ..., -1
Hy = ®p (LE,(t)))
K = Fole ) (oo LU0
Ky o= 9 ()
G, :=H-K;, j=0,...,J
Then from equations (4.6), (4.9) and (4.10) we see that for 4 small enough
1K, I} < MASRYRAG) < ppghlliedbl) oo g
il < MN"HD < p g : .
lG,I| € Mg ¥s+9d) g, .,y
16/l < mp™"
Thus for 1 small enough
Ner (1L6) = 15, Hol
= (&t G)(Ko+ Goll < (UKol + NGyl + IGrd) < 425"
where
M = (2M)’>* e [1,0)
L= p€e01)

T~T
JAg:=l—%‘t+1<w .

(4.9)

(4.10)

(4.11)

(4.12)
(4.13)

(4.14)
(4.15)

(4.16)
(4.17)

(4.18)
(4.19)
(4.20)
(4.21)

(4.22)

(4.23)
(4.24)

(4.25)

Lemma 4.4: Let the map F : (0,00)X Ny — €"*" : (u,i) — F,(i) be d.c. with b.r.v. and limit

F(t)on T=|T,,TJ, and assume that oF(t) CD° YteT.

Then for every fixed m € IN,, 3 constants A € [0,1) and b <co such that for x small enough:



-8-

i) 1op 1k) - FHE-m)l < pb(i-k)(i-k-1\'+
T, T, '

whenever - <km<EkE<LI<L e
(i) Nop (1,k) - FH(i+ m)l < wb(i-k)(i-k-1N-H

T)_ T2
whenevet—”—s EL<i<i+m< e

5. Properties of the Slow State Transition Matrix

For the analysis of the slow dynamics of the system (2.1) we need a fact about the state
transition matrix & D"(j ,#) associated with the difference equation

2u(i+1) = D,fi) z,(3) = (I+ pA,(i))z,(5) (5.1)

As usual the state transition matrix @D“(j ,3) is defined by:
] ®p,(3,i) = Dy(i-1D,(j-2)D, i) ji (5.2a)
| ®p,(7,i) == D} j)D7 (j+ 1)-Di(i-1)  j<i ~ (5.28)

Lemma §.1: Let the map 4 : (0,00)XINy = €"** : (,i) = A (i) be bounded on T.
Let D (i) and ®p (7,7) be defined as in (5.2).

Then for every closed interval (T,T, € T, the map &, :-'(O,OO)XIN(,2 - C"*": (p,i,])
=+ &p (7,i) is bounded and has b.r.v. (in both i and j) on [T, T2

For the proof of this lemma and a few related facts we refer to [9].

6. Approximation of a Block Triangular Two-Time-Scale System

8.1. Full Order System

For the rest of this paper we study the two-time-scale stochastic discrete linear time varying
system introduced in section 2 above under the following additional assumptions:

(A1) A,,, By,, B2, and @, are bounded on T.
(A2) Az, and Ay, are bounded and have O(u?)-r.v. on T for some p>0.
(A3) A,, is d.c. with limit 4, and has b.r.v. on T.
(A4) o(F(1)) S D° VieT,
where F(t) = I + Aot)is the limit of F,(i) = I + Ag,(i).
(AS) I, ,, I, , and I1, , are O(n).
where T denotes a compact interval of the form [0,T,).

In this section we furthermore restrict attention to the case, when Az u(?) = 0. This
assumption considerably simplifies the analysis. In the next two sections we will indicate how the
general case can be treated by introducing a nonsingular block triangularizing transformation. In
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general all of the discrete time quantities depend on the parameter z, so for brevity we drop the
u-subscripts, where no ambiguities are to be expected.

6.2. Fast State Autocorrelation

Before we introduce the reduced order approximation, we derive the autocorrelation of the
fast state, and prove two of its properties. Using the state transition matrix 7 (J i) defined as

in (4.2) above, from the system equation (2.1) we ha.ve, that for (> &

2(l) = ®p(1,k)z (k) + g’:@p(l,i"l‘ 1)By(i)u(i) (6.1)

We now introduce the scaled fast state autocorrelation

A(3) = uE{z,(i)zf (i)} (6.2)
Since z(k) is uncorrelated with u{i) \/ i>k, we have

Al) = d>p(l,k)A(k)¢;’f’(l,lc) + §¢p(l,i+ l)G(i)Qf!(l,i’-l- 1) VYIi>k (6.3)
i=k ) -
where
G, (i) = BZn(‘)Qu(’)B 4 (7) (6.4)

As an immediate consequence of (6.3), it follows that

A,(3) is bounded on T. Indeed by lemma 4.3 3 constants Mg € [1,00) and >\¢ € [0,1) such that
s (k.5 < Marg™ (6.5)

whenever 0 < j < k < ky(Tp).
Since moreover G (i) is bounded on T, say by Mg <oo

IAE) < MASIAQN Mo + z:mx MM ' (6.6)

< M%("nx.u" + 12 ) = O(I‘o) k=0, ... :ku(T2) s
—N®

8.3. Reduced Order Approximation
When A ,(i) = 0 the white noise representation (2.6) of z,(i) reduces to:

ulf) = —Ag (§)Bou(i)u,(i) (6.7)
Note that
oF(1)) S D° VYt E€[0,0) => o(At)) S D°-1 V¢t € [0,00) (6.8)
So A',(t) is nonsingular Y/ ¢ € [0,00).
Since moreover A, () is d.c., from proposition 3.5 we see that for z small enough, A, ,(k,(¢)) is

nonsingular Y/ ¢t € T. So ¢,(i) is well defined by (6.7). Substituting (6.7) in (2.1a) we obtain the
resulting approximate slow state vector £,(i) as:

5,(i)=pA l.u(i)eu(i) + u (Bl,u(i) - Alz.n(i)Ai.h ()B2u(1)] u“(i) (6.9a)
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£4(0) = z,(0) (6.9b)

The initial condition (6.9b) just reflects the fact, that initially no injection of the fast state into
the slower part of the system has occured, and hence no approximation error has been made. To
evaluate the quality of this approximation we introduce the slow and the fast state errors:

4y(6) = ,(3) - &) (6.10)
eu(d) = 2,(i) - () (6.11)
and derive their covariances
Ry (k) = E{d,(k)d}/(k)} (6.12)
Re”(l,lc) = E{e,(I)eX(k)} (6.13)

8.4. Slow State Error Covariance

Using the statistical properties (2.2) and the equations (6.1) and (6.2) in a straight forward
manner we can express the fast state error covariance as:

R,(l,lc)-%-@;-(l,k+ )[F(EAE) + G(R)AH(E)]  Vi>k T (6.14)

and

R, (k) = %wk) + A7 (E)G(k)AZH (k)] (6.15)

Next we define the fast to slow state impulse response:
H,(5,3) == ®p,(j,i+ DA1z,li) (6.16)
This is the impulse response from z, to z,, from g; to &, or from ¢, to d,.

Since A, ,(i) is bounded on T, it follows by lemma (5.1), that <I>D”(j ,#) is bounded and has b.r.v.

on T2 By hypothesis A, ,(i) is bounded and has O(p*}-r.v. on T. Hence H,(7,%) is bounded on
T?, and by proposition 3.4 it follows that H ,(7,7) has O(p’A)-r.v. on T? as well.

Subtracting (6.92) from (2.12) we obtain the slow state error dynamics, and from (6.9b) we
get the initial value of the slow state error.

8d(i) = pA,(3)d() + pA(i)e(i) (6.17a)

d(0)=o0 (6.17b)
It follows that the slow state error covariance is given by
k-1 k-1

Ry(k) = E{d(l)d™(k)} = p2 Y Y H(L,i)R,(i,7)H (£,]) (6.18)
. =0 ;=0

For the rest of this section we write k for k,(¢) and let

56.7) = H k() 0)R (5,5 HE (k, (1), ) (6.19)
Then defining the slow state error covariance at time ¢ in the obvious way, using (6.18) and (6.19)
we get

Bo(t)i=Ro(k) =4 $ $106,9) (6.20)

1=0 ;=0
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Changing the summation indices from (i,5) to (i,m) := (i,i-7) (6.20) now yields

k-1 k-l-m k-1
Rit)=p2 Y} 3 [JH(i+mi)+ J(i+m,i)] + p2 S J(i,0) (6.21)
mz==] |=0 1=0
For m>0 as in the sum above from (6.14) we see that
J(i+m,i) = H(k,i+ m) % ®p(i+ m,i+ 1)L (§)HA(k,i) (6.22)
where
L(i) = L,(i) = F,(IA6) + Gu(i)AzH(:) | (6.23)

Since F (i) is d.c. it is bounded on T. >From before we also know that A (i) and G (i) are
bounded on T. Finally since A, (i) is d.c. with nonsingular limit A'5(t) on T, it follows by pro-
position 3.5, that A3} (i) is d.c. and hence bounded on T. Thus F (i), A,(i) and Az () are all
bounded on T'. Therefore L ,(i) given by (6.23) is bounded o T as well.

We have now accumulated facts enough, to be able to prove that the reduced order approxi-
mation (6.9) is asymptotically correct. The precise result is stated in the following lemma.

Lemma 6.1: Consider the two-time-scale stochastic discrete linear time-varying system governed
by (2.1) and (2.2).

Assume the conditions (A1) - (A5) are satisfied for some compact interval T = [0,T,], and that
Ag (i) = 0. Then the reduced order approximation ,

86,(3) = pA L ())64(7) + uBy,(i)u,(s) (6.24a)
" £(0) = 2,(0) - (6.24b)
where .
B,,u(i) = By,(i) - A1,i(i)A7, (1)Bo,u(5) (6.25)
is asymptotically correct in the mean square sense. More precisely ‘
sup IR 4 ()l = Ou’AY) (6.26)

Proof: Since H,(j,i) is bounded and has O(p’A'}r.v. on T% 3 finite constants My and Ly
such that

E(T)
sup max [lH(k (¢),0) < Mg (6.27)
and
I:,,(Tz)
sup max NH(E(¢),i+ 1) = H(k(t),i )l € Lyur? (6.28)

for u small enough.
Similarly since L ,(¢) is bounded on T,3 a constant M, <co such that

sup L k() < M, (6.29)

Moreover as we have seen before, by lemma 4.3 3 constants Mg € [1,00) and \g € {0,1) such
that -

l®r(i+ m,i+ 1)l < MG (6.30)
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whenever 0 < i < i+ m < k,(T2).
Using the bounds (6.27), (6.28), (6.29), (6.30) and the expression (6.22) we obtain

et 8 3 G4 mi) - S HED B eplir m i DLEHAE ] (6.31)
menl =0 1= m=s]

= '§ k-zlzmH(k,i-l- m)®p(i+ m,i+ 1)L (§)HA(k i)
T

-1 Y Y H(k,i)®p(i+ m,i+ 1)L (i) HA (k)
mam]l (=0

<u 5 S IR+ m) - HEA S5+ m,i+ DL 6 EZ E,)]

+u 85 IHENI G+ mii OGO IE )]

mc=] sc=k-m
k-1 k-1-m k-1

Su Y (Y mLagw’ M MAS MMy + Y, MyMo)\§'My My)
meal 1= i==b-m

k-1
=0 X [(kult) - m)mL g A MAG M, My + mMEMAG M, |
m==1

(o <]
< sMoMy My 3, [(o -m)Lap?ht 4 My] mAg™

me=l

' 00
< MoMy My(ToLgp?h' + Myp) 3 mAE™ = 0(whY)

m=l

since the series converges.

>From lemma 4.4 we know that 3 constants b <co and A, € [0,1) such that
lep(i+ m,i+ 1) - F*i)] < pb(m-1)(m-2)\Z-2 (6.32)
whenever 0 < i < i+ m < k,(T,).

Moreover since o(F(t)) CD° V¢t €T, for # small enough A,,(i) is nonsingular,
i=0, ...,k,(T;). Hence

k-1

Y Fi) = [FH(i) - 1]A7 (i) (6.33)
m==]
whenever i=0, . .., k,(T,).
Using these two facts we find that
k=1 k-1
le Y H(EG) Y ®p(i+ m,i+ 1)L (5)HE(k,i) (6.34)
1==0 m==1
k-1

- p goﬂ(k,i)w""(i) - A (§)L () HH (k, )l

= pl| I:Z;J: H(k,i) 3_‘,1 (5 (i+ m,i+ 1) - F™ V)L () HA (k,i)|

m ==l
k-1 k-1 00
S e LMy Y pb(m-1)(m-2\EM My < T,M3M, 3 mDE  VieT
=0 m=l m==]
Together with (6.31) this implies that

k-1 k-l-m

u? 21 §) Ji+mi)=np gé(k,i)[F*-l(i)- IAZ'(5)L(3)H" (k,i) + O(u?MY) (6.35)
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onT.
Using (6.19), (6.21) and (6.35), the slow state error covariance can now be written as
. kel
R i(t)=p X H(k,)R()HI(k,5) + O(uAY) 4 (6.36)
1=0

where according to (6.15)
Ry(i):= L{@AZIGNFE () - ¥ + [F () - NAZLGILLG) (6.37)
+ Auli) + A2, (1)GL()AZE()

Thus
. R,() = Ry,() + LEGAZIGNFET G + FE(i)AZL ()L u(6) (6.38)
where
Ry,(3) = ~L{()Az() - AZLL ) + A6) + AzL(1)G.()AzH () (6.39)
Using (6.23), this can be written as -
| R\() = AZ'(I)(AG) - FEAG)FAG) - 6()A37(3) - (6.49)
so by (6.3) (with k replaced by i and I=1) "
Ry(i) = -A7(i)6A(i)A5H (i) (6.41)

By proposition 3.5, A5l (i) is bounded, say by M, <o, and has b.r.v. on T. We also know that
A,(i) is bounded on T, say by M,<oco. Moreover from lemma 4.2 we know that 3 constants
Mg € [1,00) and A € [0,1) such that

IFETEM < MpXE? i=0, ... ,k,(To), VIET (6.42)

Finally since H(j,i) is bounded and has O(p’/A')-r.v. on T?, it follows by proposition 3.4, that 3
a finite constant L, such that

MHG i+ DA (+1) - HGAAP 6N < Luawht Vij € {0,....k(T9)} (6.43)

Using these bounds together with (6.36), (6.38) and (6.41), we estimate the slow error covariance
as follows.

I8 00 = e S 1(k)( -AZ GING)AZ) (6.44)
+ LAGAFGIFEE + FREAZ (L)) D] + 0(whY

< #":Z;::H(Ic,i)A;‘(:')[A(i) - AGi+ D))AZ7 () HE (ki)

+ RIS HEALAGAF GG + FEOAOLE)E ] + 0w

k-2
< pllY H(k, i+ DA i+ DA+ DAZH (i+ 1)H (ki + 1)
1=0

- "gz H(k,)AZ (AG+ 1)AH (1) HH (k)]
1=0

+ pllH(E,0)A7" (0)A0)AF#(0)HH(k,0) - H(k,E-1)A5 (k-1)A(k)AZ" (k-1)HH (k,k-1)]

k-1
+ 1 ¥ My(MMyMpAEY + MeMESM M )My + O(w2hY)
1=0
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-

Sk kE-z( IH(k,i+1)AZ" (3) - H(E,i)AZ ()] lIA(i+i)AgH(i+ 1)HE (k,i+ 1)
=0 .

+ [H(E)AZ OAG+ DI DA+ )ET (R i+ 1) - A HA (k)

+ 2uMgM MM My + 2ﬂkM}¥MLMAMpo€-I+ 0(“9/\ 1)

k=2 p)
S Y (Luan MM My + MyM MpLgy’2) + O(n)
i=0

+ MMy My MpsupiN + O(u?hY) = O(urAY)
J

onT. 8

.

7. Approximation of the General Two-Time-Scale System

The results of the previous section for block triangular systems can be extended to the gen-
eral case by means of the nonsingular transformation:

wli)] [ 1 o] feuli) B
wa(i)] = [NG6) 1] [aali) (7.1)
where N ,(7) is defined by the difference equation
6Nn(i) = Az.#(i)Nn('.) - Azl.u(i) - l‘Nu(i"" 1)[Al.n(i) - Alz.u(i)Nu(i)l (7.2a)
N,(0) = Az} (0)A2,(0) . (7.2b)

It can be shown that this transformation is well defined for z small enough, and that the
transformed system is block triangular. It can furthermore be shown, that the approximation of
the original system (2.1) induced by the straight forward reduced order approximation of the
- transformed block triangular system is asymptotically equivalent to the reduced order approxima-
tion (2.8) of the original system itself. Le. the covariance of the difference between the slow state
trajectories of these two systems tends to zero uniformly on compact time intervals as ¢ 10. By
lemma 6.1 of the previous section the same is true for the difference between the slow state trajec-
tories of the transformed block triangular system and its reduced order approximation. Hence
lemma 6.1 extends to the following theorem:

Theorem 7.1: Consider the two-time-scale stochastic discrete linear time-varying system
governed by (2.1) and (2.2).

Assume that the conditions (A1) - (A5) are satisfied for some compact time interval T = (0,Ty.
Then the reduced order approximation

86,(3) = pAL(3)E(E) + uByu(F)u,(i) (7.3a)
£u(0) = z,(0) (7.3b) .
where -
Avuli) = Aru(i) - Arzu(i)A 2L (1) A2,u(i) (7.4a)
Byu(i) := Byu(i) - Asz,u(i)A2} (1) Ba,(i) (7.4b)

is asymptotically correct in the mean square sense.
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For the details of the block triangularizing transformation and the proof of this theorem we refer
to [9]. ‘
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